Competitive tactics play a key role in explaining different levels of organizational performance since they are the linkers between strategy formulation and implementation. This study focuses on two main competitive tactics, namely, Quality-Oriented Competitive Tactic (Quality) and Cost-Oriented Competitive Tactic (Cost), which are the ones that are closely related to Porter's generic competitive strategies. Apart from that, we will analyze two other important competitive tactics, namely, Innovation-Oriented Competitive Tactic (Innovation) and Marketing-Oriented Competitive Tactic (Marketing) which will mediate the relationship between the main tactics and performance. Hence, we try to adopt an integrative posture by viewing competitive tactics in the pharmaceutical industry as inextricably linked, forming the fundamental pillars on which sustainable competitive advantage could be established.
Introduction
Prior research indicates that competitive tactics play a key role understanding an organization's sources of performance. They are linkers between strategy formulation and implementation; that is, they are necessary tools that help operationalize competitive strategy, forming the fundamental pillars on which sustainable competitive advantage can be established.
Several extant studies derive from the work of Dess and Davis (1984) . These studies have focused on the relationships between each competitive tactic and performance, but there is a lack of a global model which includes not only the main competitive tactics but also the relationships between them. To help fill this gap, this paper contributes to the literature in analyzing the relationship between the competitive tactics that are closely related to Porter's generic competitive strategies (Porter, 1980 (Porter, , 1985 (Porter, , 1991 , namely Quality-Oriented Competitive Tactic (Quality) and Cost-Oriented Competitive Tactic (Cost) and the two tactics that mediate the relationship between those tactics and performance, namely InnovationOriented Competitive Tactic (Innovation) and Marketing-Oriented Competitive Tactic (Marketing).
We contribute on this issue by focusing on the pharmaceutical industry, specifically on the German pharmaceutical industry, which is often the source of benchmarking data due to its high level of profitability.
between Cost and performance, with a positive relationship between the variables. Nevertheless, we argue that firms focusing on a cost orientation would not be the ones that would take advantage of a bigger orientation to innovation (Robinson & Pearce, 1988; Zahra, 1993) . In other words, we defend that Cost would have a negative impact on Innovation, since an emphasis on a cost reduction would make it difficult to discover new drugs or develop the existing ones.
Secondly, Marketing mediates the relationship between Quality and performance (mediation 2). Some works defend that Marketing and Quality are interrelated, highlighting the impact of Marketing on performance (e.g., Lai, 2003; Lai & Cheng, 2005; Lai, Yeung, & Cheng, 2012) . Du and Wan (2008) defend that an emphasis on Quality needs the mediation of Marketing in order to have a significant impact on performance, whereas Homburg, Krohmer and Workman (2004) conclude that this mediation is partial.
Thirdly, we propose that Marketing mediates the relationship between Innovation and performance (mediation 3). Both followers and pioneers need to make the customers see the benefits of their products but it is more important in the case of pioneers since their drugs add incremental benefits to the ones that are already been commercialized. Pioneers are said to be the ones benefitting more from an innovation orientation, and as proposed by Geroski and Murfin (1990) , when benefits of Marketing are to be sustainable in the long term, an aggressive technological posture is appropriate. This posture is usually closely linked to the innovation level.
The research hypotheses to be tested are: 
Research methodology

Sample and data collection
Our population comprises all the German pharmaceutical firms operating under the 2834 SIC code, based on Dun & Bradstreet Database (928 firms). We chose German pharmaceutical firms as the sample for this study because this German industry is a clear source of benchmarking data, that is, the results obtained using the data from the German pharmaceutical industry could be extended to many other countries. Using the computerassisted telephone interviewing (CATI) procedure and conducting stratified proportional sampling that covered the original population, 200 valid responses were obtained from CEOs in the German pharmaceutical industry with the help of a German institute. The sample represents around 21.6% of the population. The sample was stratified (stratified proportional sampling) by firm size (measured by the total number of employees), federal state, and turnover. In order to obtain 200 valid responses, 597 managers were interviewed; thus, the final response rate was around 33.5%. For every firm in the sample, we collected data associated with the 3-year period immediately before and after the enactment of the Act on the Reform of the Market for Medicinal Products (AMNOG) in 2011, trying to avoid the effect of the law on the relationships. The data were collected in mid-2014.
The Ten Times Rule is a rule of thumb which gives the researcher an approximation of the required sample size. We took into account the largest number of predictors for a particular dependent variable, in this case 4 (Chin, 2010) . Then, the minimum would be 4.10=40. Nevertheless, a power analysis must be conducted in order to ensure accuracy, given that sample size is extremely dependent on the particular SEM model (Chin, 1998) . Taking the work of Cohen (1992 , Table 1 ) as a reference point and keeping in mind that we are testing a multiple regression model, the effect size value is 0.15, if we consider the average effect of observed effects is to be medium. Since the level of significance is 5%, a minimum of 84 observations would be needed, following Cohen (1992, Table 2 ). That is, over than 84 observations would be needed if the investigator wants to verify the statements with a power of 80%. We conducted an additional power analysis using the G*Power software following Faul, Erdfelder, Lang and Buchner (2007), and we reached the same conclusion as that in the first power analysis.
Thus, with a sample size of 400, we exceeded the threshold required. Therefore, we can conclude that our sample was representative of the population. Although the sample size is big, it does not pose a problem due to the partial nature of the partial least squares PLS regression technique (Chin, 2010) .
Measures
Following Diamantopoulos, Sarstedt, Fuchs, Sebastian and Wilczynski (2012) , the dependent and independent variables were measured using the means of multiple items on 5-point Likert scales, ranking from 1 ("much below the average") to 5 ("much above the average"). Consistent with prior research, we adapted the existing measurement scales for the competitive tactics that were validated in the extant literature (e.g., Dess & Davis, 1984; Robinson & Pearce, 1988; Ruiz-Ortega & García-Villaverde, 2008 ) thereby ensuring high reliability of our results.
The measurement scale for performance was based on Akan et al. (2006) and Allen and Helms (2006) . On the one hand, most researchers agree that multiple measures offer a rich perspective that cannot be provided by a single approach. On the other hand, respondents may be reluctant to give the figures. We take into account the increase in the number of employees following the publication of prior studies (e.g., Davis & Pett, 2002; Durand & Coeurderoy, 2001; Lee, Koo, & Nam, 2010) .
Results of data analysis
The data analysis was performed using the partial least squares structural equation modeling (PLS-SEM) technique, which is a useful multivariate method in strategic management (Hair, Sarstedt, Pieper, & Ringle, 2012) . We used the SmartPLS 3 Professional (Ringle, Wende, & Becker, 2014) software. Figure 1 shows the final structural model (Model 4). All the constructs are defined in a reflective way since the causality goes from the variable to the items (Podsakoff, Shen, & Podsakoff, 2006) . Before analysing Model 4, both measurement model and structural model assessments were conducted firstly for Model 1, Model 2 and Model 3. Some of the results of the measurement models' assessments are shown in Table 1 . The smallest factor loadings in those models are 0.692, 0.692 and 0.695, respectively. Both composite reliability (CR) and average variance extracted (AVE) meet common thresholds of 0.7 for CR (Nunally & Bernstein, 1994) and 0.5 for AVE (Fornell & Larcker, 1981 very close to 0.7 (Nunally & Bernstein, 1994) . We assessed the discriminant validity using the heterotrait-monotrait ratio of correlations (HTMT), following . In all cases values are below the threshold of 85% (Kline, 2011 The Structural model assessment of Model 1, Model 2 and Model 3 is shown in Table 2 . The target constructs' percentage of variance explained (R 2 ) is a key criterion. The explanatory level of the models is around 20%. The Stone-Geisser criterion Q 2 values are obtained from running blindfolding procedures and range above the threshold level of zero, indicating that the exogenous constructs have predictive relevance for the endogenous construct under consideration. There are no collinearity problems since each construct's tolerance measured by the variance inflation factor (VIF) is higher than 0.2 and lower than 5. Boostrapping has been used to assess the significance of path coefficients. 5.106 *** Note: Path coeff. = Path coefficient. The cross-validated redundancy measure Q 2 is derived from the blindfolding procedure with an omission distance of 7. The t-values are derived from the bootstrapping procedure with 400 cases, 5,000 samples, and the pairwise deletion algorithm. VIF = variance inflation factor. *** p < .01; ** p < .05; * p < .1
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Assessing mediation 1 (model 2), mediation 2 (model 3) and mediation 3 (model 4), we need to compare each model with model 1, model 1 and model 2, respectively.
In order to assess the mediation 1, we checked first if Cost Performance path is statistically significant in model 1 (t value of 3.579, p < 0.01). Then, we checked that both indirect effects were significant in Model 2 (Cost Innovation path's t value= 8.201, p < 0.01; Innovation Performance path's t value=2.779, p < 0.01). Considering the sample mean in boostrappings, the direct effect decreased (in model 1 it was 0.163 whereas in model 2 it is 0.106). Following Preacher and Hayes (2004; , we calculated the standard deviation (0.018) of the indirect effect of all the 5000 subsamples. Dividing the original value of the path coefficient obtained in the bootstrapping (0.105) by the standar deviation (0.018) we obtained the t value of the indirect effect (5.83, p < 0.01), which was significant. The variance accounted for (VAF) was 33%, that is, there is a partial mediation (Table 3) .
Similarly, we assessed mediation 2 and mediation 3. Since VAF was in both cases larger than 20% (24% and 34%, respectively), both are also partial mediations (Table 3) . The results of the final model (Model 4) are shown in Figure 1 . Table 4 and Table 5 present the assessment of the measurement model. Assessing the internal consistency reliability, all the CR values were above 0.7. Cronbach's α values are above or very close to 0.7. Convergent validity was assessed using AVE values. All the values were above or very close to 0.5. We assessed discriminant validity using HTMT. In all cases, the values were below the threshold of 85% (Kline, 2011) . The SRMR is 0.07 (a fair fit following Browne and Cudeck, 1993) . Table 6 shows the assessment of the structural model. 
The cross-validated redundancy measure (Q 2 ) is derived from the blindfolding procedure with an omission distance of 7. The effect size (f 2 ) allows the assessment of a construct's contribution to an endogenous latent variable. The t-values are derived from the bootstrapping procedure with 400 cases, 5,000 samples, and the pairwise deletion algorithm. VIF = variance inflation factor. CI = Confidence interval. *** p < .01; ** p < .05; * p < .1
Results and conclusion
This study attempts to shed some light on the important issue of competitive tactics since they play a key role in understanding the sources of performance of organizations.
Managers and researchers should adopt a more integrative posture by viewing competitive tactics as inextricably linked, forming the fundamental pillars on which sustainable competitive advantage could be established. We seek to fill a gap in the business literature by [-0.122;-0.017] developing an integrative framework that outlines the relationships between the main competitive tactics. We conducted a step-by-step analysis to test the hypotheses. For the main competitive tactics, our findings reveal that Quality (Table 6 ; path coefficient of 0.379, p < 0.01) has a positive influence on performance, confirming Hypothesis 1. Surprisingly, Cost has a negative effect on performance (Table 6 ; path coefficient of -0.119, p < 0.1), not supporting Hypothesis 2. Following Dess, Lumpkin and Covin (1997) , "(...) since the cost leadership scale assesses this strategic attribute rather than the change in this attribute, the negative correlation with profitability is not counterintuitive as it may initially appear" (p. 688).
Confirming Hypothesis 5, the direct relationship between Cost and performance is mediated by Innovation. Likewise, Hypothesis 6 is supported, that is, the direct relationship between Quality and performance is mediated by Marketing.
Marketing has a significant impact on performance (Table 6 ; path coefficient of 0.151, p < 0.05), confirming Hypothesis 4.
In Model 2, that is, before including Marketing in the analysis, Innovation had a significant effect on performance ( Table 2 ; path coefficient of 0.138, p < 0.01). Nevertheless, when both Innovation and Marketing (Model 4) were included, the significant mediating effect of Marketing between Innovation and performance (Hypothesis 7) caused the rejection of Hypothesis 3, that is, Innovation has not a significant effect on performance (Table 6 ; path coefficient of 0.081, p > 0.1).
Considering the effect size (f 2 ) values (Table 6 ), researchers and managers should also take into consideration that, with the exception of the effect of Cost on performance, the largest contribution of a construct towards explaining the variance of performance is Quality. Hence, in the pharmaceutical industry managers really need to focus on quality.
Limitations and directions for further research
As with any empirical research, our study is not without limitations. Firstly, only the main competitive tactics were included as predictors of performance in this study. Other constructs (such as capabilities) could have been included for a better explanation of performance. Further, we have analyzed restricted aspects of performance only. Secondly, the managers were not asked for objective measures since "German managers, for example, emphasize privacy of information to a greater extent than managers in other cultures" (Homburg et al., 2004 (Homburg et al., , p. 1336 . We think that respondents would have been reluctant to give the figures. The relative comparisons of the managers' responses might be problematic due to the subjectivity of perceptions. However, following Spanos and Lioukas (2001) , we think that managers' perceptions properly reflect the strategic behavior of their firms. Thirdly, since we studied German pharmaceutical firms, it must be acknowledged that the path coefficients could differ significantly across countries and sectors, that is, the results should be extrapolated with extreme caution.
The effect of competitive tactics on performance differs depending on the moment of entry of the business, that is, entry timing is considered a key factor that warrants attention. Researchers can go a step further considering the moment of entry as a discrete variable and using, for example, the theoretical Golder and Tellis's (1993) definition of market pioneering, that is, market pioneers are the first businesses who sell their products in a concrete product category. The sample could be divided into two (Pioneers vs. Followers) like some authors suggested (e.g., Covin, Slevin, & Heeley, 1999; Kerin, Varadarajan, & Peterson, 1992; Shamsie, Phelps, & Kuperman, 2004) or even into three groups (Pioneers vs. Early Followers vs. Late Followers) following other works (e.g., De Castro & Chrisman, 1995; Durand & Coeurderoy, 2001; Ruiz-Ortega & García-Villaverde, 2008) . Then, the path coefficients for every group could be analyzed. Conducting a multigroup analysis it could be assessed whether differences in the path coefficients are statistically significant.
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